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VASA (ours) GT 1.The open ad-hoc segmentation task.

Image

2.VASA, the first vision harnessing agent
with persistent visual state and long-
horizon visual construction for OAS.

3.PARS, a dataset with detailed long-form
queries for evaluating the OAS task.

4.SOTA on both PARS and RefCOCOm.

5.Points to a path for Al agents beyond
wrapping foundation models as tools:
programming them with task knowledge,
VLM behaviors, visual routines, working

Segment the dog from below the neck to above the legs memOry’ and fallu re-aware wo rkﬂ OW.



